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Abstract

In this paper we show that highly skilled clandestine migrants are more likely to return home
than migrants with low or no skills when illegality causes “skill waste”, i.e. when illegality
reduces the rate of return of individual capabilities (i.e. skills and human capital) in the
country of destination. In a simple life-cycle framework, illegality is modeled as a tax on
skills that reduces the opportunity cost of returning home particularly for the highly skilled.
This proposition is tested on a sample of apprehended immigrants that crossed unlawfully the
Italian borders in 2003. The estimation confirms that the intention to return to the home
country is more likely for highly skilled illegal immigrants. The empirical results of this paper
attenuate the common wisdom on the return decisions of legal migrants, according to which

low-skill individuals are more likely to go back home (mainly because of negative self-selection).
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1 Introduction

The debate on illegal' migration in the developed world is capturing a great deal of public
attention and has recently triggered the interest of economists (see Hanson, 2006). The mount-
ing dimension of the phenomenon is a direct consequence of the tightening of immigration laws
in most OECD countries (see Zimmermann, 1995, De Melo, Faini and Zimmermann, 1999,
Venturini, 2003).

On the other hand, in the last two decades international migration has been characterized
by a sharp increase in the movement of skilled, rather than unskilled, individuals, as shown
by Carrington and Detragiache (1998) and more recently by Docquier and Marfouk (2005).

Illegal migration and the skill content of recent migration flows are related facts. The se-
lective policies of some countries encourage the legal inflow of skilled immigrants (i.e. “brain
drain”). However, the adoption of selective policies is confined to a few countries (for instance
Canada, Australia, New Zealand). In all the other cases, when skilled migrants enter unlaw-
fully a developed country, illegality conditions significantly affect their future plans, included
the possibility of returning back home.

In this paper, we focus on the return migration of clandestine entrants by highlighting the
role of their skill endowments. The starting point is the stark difference between undocumented
and legal migrants. As generally acknowledged, an illegal entrant cannot fully exploit her skills
and human capital and the illegal status hinders the migrant’s access to many markets and
institutions in the host country (including banks for deposits or financial institutions for other
types of savings), which are instead fully available to legal migrants. Being illegal likely makes
individual skills much less effective than in the home country, as the illegal migrant has to

resort uniquely to the shadow economy.? Hence, illegality can cause skill waste, i.e. illegality



impinges the positive outcome of skills on both individual income and savings. Skill waste is
particularly evident for the most skilled and educated among the illegal entrants. Given this,
the opportunity cost of returning to the country of origin should be substantially lower for
the skilled individuals than for the unskilled ones. This proposition is in sharp contrast with
what is usually known for legal skilled migrants who tend to overstay because more capable
of assimilating in the high-income destination country. Hence, the main message of our paper
is that illegality can in fact overturn the common conclusions on the length of stay of skilled
(vs. unskilled) migrants.

More specifically, the contribution of this paper is twofold. First, we consider a life-cycle
framework where skill waste acts like a tax on skills. Here, we find a link between the individual
skill endowment and the return decision of illegal migrants. Second, thanks to the availability
of an unique data set on Italian undocumented immigrants we find empirical evidence on the
positive relationship between individual skill endowment and intention to return for clandestine
immigrants.

In particular, the data set comprehends a representative sample of 920 illegal migrants
that crossed the Italian borders in 2003, about half of which are “clandestine” (rather than
asylum seekers). One important feature of the data is that they contain information on
the migrants’ expectations “at the gate” concerning their return intentions and many other
characteristics (e.g. intentions to remit, expectations on future income, employment, legal
status, characteristics of the village of origin etc.). Indeed, by means of this data set we are
able to quantify the effect of skills and education on return intention and at the same time
control for other relevant individual covariates.

Empirical results confirm the main findings of our proposition showing that higher in-



dividual skill endowments positively affect the intention to return of clandestine migrants.
These results may well represent the first contribution towards increasing our knowledge on
the relationship between skill characteristics and return attitudes of illegal migrants.

Many studies have emphasized that migrants are not randomly selected but generally rep-
resent the upper tail of the skills distribution of the population in the countries of origin (see
Borjas et al., 1992, and Chiswick, 1999). Since migration is a particularly costly investment,
only the most capable, entrepreneurial and risk-prone individuals usually undertake such an
investment. The existing empirical research almost unanimously concludes that return migra-
tion is more likely for individuals with low skills and reinforces the positive self-selection of
the migrants (Borjas et al. 1996; Dustmann 1996, 2003a, 2003b; Reagan and Olsen, 2000).

The paper is organized as follows. Section 2 describes the main characteristics of the
data set on Italian undocumented immigrants. Section 3 presents a theoretical (life-cycle)
framework to model the return plans of irregular migrants with heterogeneous levels of skills.
Section 4 reports and discusses the results of the empirical analysis. Lastly, Section 5 concludes

with some general remarks and suggestions for further research.

2 Undocumented Migration: an Original Micro Dataset

Data on international migration flows and stocks are not always comparable due to country dif-
ferences in national definitions.®> When dealing with irregular migration, there is an additional
problem due to methodological difficulties in measuring an illegal phenomenon (see Hanson,

2006, for an overview of methods in the US-Mexico case). Hence, only indirect estimates of



the illegal migrant population are available for both Europe (Jandl, 2004, and International
Centre for Migration Policy Development, 2006) and the US (recently Passel, 2005).

However, when testing for migrants’ decisions (as departing or returning home), researchers
use exclusively micro data. Once again, several sources are available on legal migrants —
for instance, the German Socio-Economic Panel (Dustmann, 2003a), Census data in France,
several surveys from the Pew Hispanic Center for the US — whereas just a few are available for
undocumented migrants — namely, the well-known data from the Mexican Migration Project
and the recent Survey of Mexican Migrants by the Pew Hispanic Center.*

In this paper we use data from a field survey on illegal migrants entering Italy — named
SIMI, Survey of Illegal Migration in Italy — which is available for the year 2003. The survey
collected individual data by means of a questionnaire regarding the migrant’s demographic
and socio-economic situation in the country of origin (school degree attained, job qualification,
location of the village of origin, family characteristics etc.), the cost and financing of the
migration trip, intentions to return and to remit, as well as motivations and future income
expectations from the (at least temporarily aborted) migration project. Many more details
about the survey can be found in Chiuri, De Arcangelis, D’Uggento and Ferri (2004).

Table 1 summarizes the main social and economic characteristics of the total sample and
of the subsample used in the estimation of Section 4. Indeed, there are four sub-groups of
undocumented immigrants: clandestine immigrants, asylum seekers, individuals waiting for a
rejection decree and individuals waiting for an expulsion decree. Given the blurred definition of
the latter two categories, in the econometric analysis of Section 4 we only focus on clandestine
migrants and their characteristics are reported in the second column of Table 1.

lllegal immigrants into SIMI have a non-negligible level of skills that we measure in three



Table 1: Summary Statistics of SIMI 2003, Survey on Illegal Migration in Italy:
Entire Sample and Subsample of Clandestines used for the Estimation (standard
errors in parentheses).

Variables All Estim.
Sample
General
Number of sample units 920 482
Median Age (in years) 27.2 26.6
(6.20) (5.78)
Family monthly income at home (median, in 2003 current US$) 218 196
(232) (170)
Expected monthly income at destination (median, in 2003 current US$) 877 906
(550) (409)
Number of children per head (mean) 0.57 0.59
(1.09) | (1.12)
children left home per head (mean) 0.45 0.48
0.95) | (0.99)
Cost of the trip (median, in 2003 current US$) 1,645 1,527
(1,417) | (1,316)
Intention to return home 589 % | 71.6 %
Intended length of stay (in years) 6.0 6.3
(3.7) (3.4)
Sample composition
Clandestines 34.8 % 100 %
Asylum Seekers 53.1 % -
Others 121 % -
Skill characteristics
Nliteracy 13.2 % 12.0 %
School degree
primary 271 % | 25.0%
middle 30.8 % 34.0 %
high-school 21.7% | 212 %
university 5.0 % 4.2 %
Good host-country language proficiency?® 20.2 % 16.0 %
Basic host-country language proficiency 26.6 % 34.0 %
Knowledge of 1 or 2 foreign languages 70.75 % | 68.24 %
Job qualification
high-skilled 184 % 13.1 %
low-skilled 1.7 % 76.2 %
no qualification 9.9 % 10.6 %

Maigration network

Number of relatives (people cohabiting)
already in the final destination per head 0.19 0.25
(0.39) | (0.43)

& Percentage of migrants with declared good proficiency in the language of the intended desti-
nation country (“good” and “very good” level in the original questionnaire).

b High-skilled qualification is considered for the following (declared) jobs before migration:
translator, secretary, financial advisor, dO(gor or chemist, lawyer, teacher, manager, con-
sultant, entrepreneur.



different ways. First, we use the declared attained school degree and we notice that the degree
of illiteracy is not very high — only 13.2% declared they cannot read and write. In terms of
schooling, 5% of the migrants in the sample have a university degree, while 13.9% and 7.8%
have respectively a secondary education degree and vocational education (i.e. 21.7% with
attained high-school degree in the table). Other two indirect measures of skills are (i) the
degree of host-country language proficiency® and (ii) the type of declared job qualification.
Over a quarter of the migrants has a basic knowledge of the destination country’s language and
another 20% declare to have a good knowledge of it. A very high percentage of interviewed
immigrants declared to have knowledge of one or two foreign languages; in particular, over 70%
in the whole sample and about 68% in the estimation sample of the clandestine immigrants
only. A significative share of the migrants (18.2%) can be classified as high-skilled on the basis
of the job qualifications in the country of origin, although the majority of the migrants are
low-skilled.

The level of skills and formal education attainments of the legal migrants seems to be
substantially higher if compared with our sample. Although not directly comparable, the
2001 census data reveals that only 2.5% of the foreigners residing in Italy were illiterate, while
12.1% were literate but without formal education. It is interesting to note that 12.1% of the
legal migrant population in 2001 had a university degree and 27.8% attained an high-school
degree. Finally 32.9 and 12.6% had a middle and primary school diploma.

Only 19% of the individuals within our sample migrate within a network of already es-
tablished migrants (“relatives and friends”) from the same community of origin. This is a
distinctive and important feature of our data if compared to other surveys on illegal migrants

(such as for example the Mexican Migration Project) which are by construction highly skewed



toward individuals who migrate within a network.
About 60% of the interviewees declared to have the intention to return home. In the
following section we analyze the link between skills endowments and return decisions of illegal

migrants in a simple life-cycle framework.

3 Skills and Return Decisions of Irregular Migrants: A

Life-Cycle Interpretation

The main point our paper makes is that illegality, by dampening the return on skills of
immigrants, leads to a higher incentive to return home for highly skilled migrants, with respect
to low-skilled ones. This intuitive point is supported by a very simple life-cycle interpretation,
as follows.

Let us consider a two-period model where the utility function of the illegal migrant takes

the usual logarithmic form:

C7 and (5 are respectively consumption in period 1 and in period 2; J is the subjective
discount factor.

The illegal migrant has already reached the destination country, say country B.,% and earns
in period 1:

wy = atw®

where w? is the average wage in the destination country B; a is the migrant skill level and we



assume that migrants’ skills are continuously distributed over the finite interval [a,@l; 7 € (0, 1]
captures the magnitude of the skill waste effect associated with the status of illegal migrant.
As 7 — 0 illegal migration tends to be less and less rewarding for all illegal migrants and has a
squeezing effect on the level of human capital, i.e. being uneducated and unskilled rather than
having a PhD in engineering does not change the returns from migration.” On the contrary,
when 7 = 1 there is no skill waste and migrants’ human capital is fully rewarded according to
the skill content a.

Income in period 2 depends on what the illegal immigrant decides at the end of period
1, i.e. whether to go back home to country A or to stay in the destination country B where
there is a nonzero probability of becoming legal.

In case of return, in period 2 the migrant will be able to be fully rewarded for his/her skills
and no illegality skill-waste effect takes place, but in the origin country A the average wage
w? is lower than in the destination country. Summarizing, the period-2 wage in case of return

is given by:

wy = aw”.
If the illegal migrant decides to stay in country B, she will face a probability v of getting
legal status and therefore of fully exploiting her skills in the labor market.® Hence, the expected
wage for period 2 in case of no return is the following:

wi = yaw®? + (1 — y)arw®

where aw? is the wage (without skill waste) that she would get in case she obtains a legal

status (with probability ) and arw? is the wage in case she does not get legal status (like in



period 1).

We can rewrite more compactly the period-2 wage in case of no return as follows:

wY ' = haw®

where h =~ + (1 —v)7.

One final important consideration regards the use of financial markets to carry savings
from period 1 to period 2. Let us define B/ = (1 + 77) as the rate of return on savings for
country j (17 is the interest rate). We assume that the rate of return for the illegal migrant
is affected by both skills and the illegal status. Indeed, there is a common wisdom that the
funds repatriated are likely to be employed in entrepreneurial activities whose rate of return
will depend on individual abilities.” In our model, at the end of period 1 if the migrant decides
to return home, she will invest her savings in the origin country and obtain a rate of return
equal to aR4. In case of no return, the illegal migrant uses the destination country financial
markets to invest her savings. Once again, the rate of return will depend on personal skills,
that are influenced by illegality through the skill waste effect: arRP. In order to simplify the
framework and allow for a simple graphical interpretation, we assume that the “normal” rate
of return is not different in the two countries, i.e. R4 = R® = R.1

To sum up, the expected life-time income at time 1 when the migrant decides to return
after one period in country B (i.e. a sort of temporary migration) is:

L4

WR — B .
atw” + aRaw

whereas if she decides not to return home and to stay both periods, the expected life-time

income is:



1
WNE = grw® + ——haw®

atR

The problem of the illegal migrant is then to maximize her utility U in (3.1) under two
different budget constraints that depend on whether she returns to the home country A or
stays in the destination country B. In case of return the intertemporal budget constraint is

given by:

1
Crt 0 = wWE. (3.2)
Whereas, in case of no return:
1 NR

In Figure 1 the continuous budget constraints are drawn under the assumption that neither
return nor “no return” are revealed-preferred, i.e. that the two budget constraints intersect
in the first quadrant.!!

Moreover, since the budget lines change for different values of skills, let us initially consider
the special skill level a* for which the utility is the same in case of both return and “no
return”.'? Let us name “marginal” migrant the individual with such a skill endowment. In
the graph the utility level is identified by the indifference curve labeled U(a*).

When we consider an individual with skill level a’ > a*, the new budget constraints will tilt
and move outwards, as shown in the Figure 1 by the dashed lines. The movement outwards is
due to the increase in the life-time income, whereas the tilting is caused by the fact that the
rates of return depend on the individual skill level. However, the rate of return is reduced by

the skill waste effect when the migrant remains in the destination country; hence, the tilting
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Figure 1: The welfare effect of skill variation in both cases of return and no return.

11

Y

Ch



will be lower.

It can be formally shown that the new intertemporal bundles E% and EY, will not lay on
the same indifference curves as for the “marginal” migrant with a*, but the return option will
be chosen by more skilled individuals since it assures a higher welfare.!3

In both cases of return and “no return” the increase in the skill level induces a price effect
and an income effect. Whether or not the individual decides to go back home, the latter effect
is the same, as also shown by the shift of the intercepts from GR(CL*) to aR(a’ ) and from
6NR(CL*) to UNR(a’ ). Instead, the price effect (associated with the slope change) is stronger in
case of return because of the (absence of the) skill waste effect. In the next section we test the

implication of the life-cycle approach by means of the data from the survey SIMI described in

Section 2.

4 Empirical Investigation

4.1 Model specification

Our simple model suggests that the level of skills (parameter a) positively affects the return
plans of illegal migrants. In order to test this implication we specify a probit model for the
individual intentions to return of the irregular clandestine migrants interviewed in SIMI. In
other words, we consider only a subsample of the data set described in Section 2 by excluding
the asylum seekers, whose intentions to return are biased by political factors. The dependent
variable is equal to 1 if the individual clandestine migrant has stated that he/she would return

home, zero otherwise.!

I'Exact definitions and basic statistics of the explanatory variables, as well as the relative data sources, can

be found in Coniglio, De Arcangelis and Serlenga (2009).
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Our main task is to test whether individual skills are positively related with the intentions
to return. In order to capture the multiple dimension of individual skills and abilities (i.e.
schooling, job experiences and qualifications, knowledge of foreign languages etc.) we employ
four different measures: (i) years of schooling, which captures the level of formal education
undertaken by the migrant; (ii) a dummy for skilled workers, i.e. for individuals who declared
to hold some job qualifications; (iii) the level of individual proficiency in the language of the
country of destination (host-country language proficiency), which proxies the abilities to fully
access the job market in the specific country of intended destination; (iv) the number of foreign
languages known with at least a basic level of proficiency (language proficiency), which is a
more general measure of foreign-language abilities. We expect all these variables measuring
high skills to have a positive effect on the probability of returning to the country of origin.

Besides the migrant’s skill level,individual intentions to return depend on many other
variables. We sort them out into two sets: pure individual covariates, which refer to the
personal situation of the clandestine migrant, and country-level variables, which refer to the

characteristics of the country of origin.

o [ndividual covariates. The intensity of the skill waste might be affected by the presence
of social networks, i.e. migration networks, in the destination country. On the one
hand, networks of established migrants may provide both personal support and more
accurate information on the destination country; hence, they can affect positively the
expectation of obtaining a good job (see for instance Munshi, 2003). On the other
hand, a migration network might increase temporary migration. Indeed, the existence
of networks may reduce the perception of risks associated with the migration experience.

As a consequence, this safety net might induce some individuals (in particular the ‘target-

13



savers migrants’, who are highly risk-adverse or highly attached to the home country)
to migrate temporarily. Hence, a higher turnover and therefore higher rates of return
home could be observed for individuals migrating within a network. In our specification
the migration network is represented by a dummy variable (Migronetwork) equals to 1
when the migrants declare that relatives (or friends) already live in the final destination
and its expected sign on the probability of return depends on whether the former effect

(cost-reducing) or the latter one (turnover-increasing) prevails.

The decision of whether to return to the home country or stay in the destination country
depends also on the individual opportunities in the country of origin in case of return.
These are closely related to the previous job experiences at home. Thus, we include a
dummy variable for being unemployed in the home country before migrating, which is

expected to have a negative influence on the probability of returning.

Moreover, together with business and entrepreneurial motivations, the migrant might
decide to return because of family and cultural ties with the home country (see Dust-
mann, 2003a)."* We therefore include a proxy for close family ties: a dummy for the
presence children left at home which is expected to have a positive effect on the return

choice.

Furthermore, since a previous migration experience generally lowers the non-monetary
and psychological costs of subsequent migrations, we include the dummy variable past
magration for individuals that had such an experience in our sample. The expected sign

is negative on the return choice.

Characteristics of the country of origin. In this category we include both economic and

social variables. It is widely acknowledged that return intentions are affected by the

14



expected economic opportunities in the country of origin (i.e. the “normal” wage w*

in Section 3). Return migration will be generally higher in countries that are at an
intermediate level of development and would offer opportunities to migrants who have
accumulated human and financial capital. Hence, we introduce as a general proxy for
the level of development the (log of ) per capita GNI (2001) for the country of origin,

which is expected to have a positive effect on return intentions.

The SIMI data set contains information about various push factors at the individual
level and allows to distinguish between the occurrence of social conflicts and that of
financial or economic crises in the village/city of origin.!> They are included as dummy

variables and separately in order to capture a possible different effect.

Moreover, we include the (log of) geographical distance as a proxy for the monetary
and psychological cost of migration. A shorter geographical distance means lower cost
of migration and this may have two different implications, similarly to the effect of mi-
gration networks. On the one hand, a lower cost means higher probability of integration
and lower probability of return. On the other hand, a lower roundtrip cost to go home
might imply less incentive to permanent migration, hence higher turnover and a revealed

higher probability to return.

Other controls are also included in the estimation. Regarding cultural ties with the country

of origin, it is widely accepted that the cost of residing in a foreign country increases with the

degree of cultural and social diversity between the origin and destination country. A different

religion is an important dimension on which such diversities are expressed. Hence, we include

a dummy variable, Muslim, that aims to capture the — generally greater — psychological cost of

migration faced by individuals of Islamic religion. This variable is supposed to have a positive

15



effect on the return intention.
Finally, we include macro-area dummies in order to capture the unobservable character-
istics of the geographical areas of origin (due to the limited number of observations and the

high number of represented countries of origin, we could not use single country dummies).

4.2 Estimation Results

Let us recall that the model estimates the probability of returning home through the intentions
of the clandestine migrants. Table 2 shows the estimates of different specifications of the probit
model in order to check for the robustness of the results. In particular, in Models (1)—(4) we
use the four different measures of skills one at a time. Although each measure captures a
different dimension of individual abilities, some of them are expected to be highly correlated
among each other. Notwithstanding this correlation, in Model (5) years of schooling and
skilled worker are contemporaneously included, while in Model (6) we consider skilled worker
together with language proficiency. Lastly, Model (7) includes the dummy skilled worker
together with the more specific host-country language proficiency.

Table 3 reports only the marginal effects of the last specification — Model (7) — but all the

others are available upon request.
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Table 3: Marginal Effects of Model (7)

Regressors Marg. Eff.
High-Skilled worker 0.178*
(0.088)
Host-country language proficiency 0.087**
(0.03)
Migronetwork 0.100%
(0.051)
Unemployed in the home country —0.040
(0.049)
Children in the home country 0.106*
(0.050)
Past migration —0.152**
(0.058)
GNI per capita (log, 2001) 0.161**
(0.044)
Social conflict —0.214**
(0.048)
Economic crisis 0.173*
(0.088)
Distance(in log) 0.082**
(0.025)
Muslim 0.096"
(0.053)
Asia —0.268**
(0.096)
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Table 3: continued

Regressors Marg. Eff.

South America —0.754**
(0.041)

Europe —0.001
(0.106)

North Africa —0.021
(0.124)

Observations 427

Probability of return (baseline) = 0.757

Note: for the dummy variables the marginal effect is referred to
the change from 0 to 1.

Standard errors in parentheses

+ significant at 10%; * significant at 5%; ** significant at 1%

Results are generally in line with our expectations. Skills, education and, interestingly,
also host-country specific abilities — such as the knowledge of the language — increase the
probability of return to the home country, as shown in the top part of Table 2 where all the
measures of skills are significant at the 5% probability level'® for all seven models.

We find that the knowledge of the language of the intended destination countries has a
positive and significant effect on the intentions to return either when considered singularly
(Model 4) and when considered together with a measure of job qualification (Model 7). More-
over, the probability of return of skilled individuals, contrary to most other findings in the
literature (for instance, Borjas et al. 1996) is higher than the probability of return of an

individual with no job qualification or experience: according to Table 3, having some skills
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increases the probability of return by more than 17%.

Most existing studies on return migration and return intentions of legal migrants highlight
a generally lower propensity to return for highly skilled individuals. Besides dealing exclusively
with legal migrants, these studies do not disentangle the effects of migrants networks on the
likelihood of returning in the host country. Using data from the German Socio-Economic
Panel, Dustmann (1996, 2003b) finds a negative effect of years of schooling on the intention
to return to the home country. He also finds that for those who intend to return, schooling
has a negative impact on the duration of the migration spell. This is explained by the fact
that higher schooling, guaranteeing higher salary, reduces the time needed to achieve a pre-
determined saving target. In a related study on the factors that affect the return migration
of a cohort of foreign-born in the US, Reagan and Olsen (2000) find no evidence of skill bias
in return migration. Instead, our results seems to be consistent with Zhao (2002). In his
analysis on rural to urban migration in China, Zhao finds that better educated and skilled
rural migrants are more likely to return to their village of origin. The explanation offered by
the author fits our interpretation: both the strong segmentation in the urban labor market
and the tight migration regulatory system in China prevent the full participation of skilled
workers to the local labor market when coming from rural areas. This imposes heavy costs on
skilled migrants in terms of rewards to education and work experience.

Also the other covariates included in our estimation (mainly for control) show the expected
signs.

We find evidence of relevance of family and cultural ties. In our estimations, an individual
with children left in the home country is more likely to return than in the case where she

has no children left home. Our evidence is in accordance with Dustmann (2003a) where the
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presence of children in the host country negatively affects the return intention of parents.

Next, when migrating within a network, the positive externalities provided by the social net
increases the intention to return and so it is likely to increase the turnover of illegal migrants.

Moreover, it is widely acknowledged that previous migrating experiences reduce the psy-
chological cost of further moves. This is confirmed by our analysis as the dummy variable past
migration is negative and highly significant. The status of being unemployed in the country
of origin before departure, i.e. a proxy for lack of opportunities at home, shows a negative
sign on the intentions to return although it is not statistically significant in our estimates.

Furthermore, illegal migrants are also found to be more willing to return when their coun-
tries of origin are relatively more developed. Countries that have an above average level of per
capita GNI are more likely to attract illegal migrants back home.

Interestingly, our estimates also acknowledge that social conflicts and economic crisis have
different effects on the return choice. Having experienced an economic or financial crisis in
the village of origin seems to have a temporary effect on the choice of leaving the country of
origin, whereas social conflicts have a more permanent effect on migration. In fact, while social
conflicts or civil wars may be perceived as long-term shocks and induce permanent emigration,
economic or financial crises may lead to temporary emigration that is subsequently reversed
when economic conditions improve again.

Finally, the coefficients on the proxies for monetary and psychic cost of migration, namely

distance and Muslim, are both significant and positive.
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5 Conclusions

In this paper we assume that the status of illegal migrant hinders the full utilization of individ-
ual skills. As a consequence, the opportunity cost of returning home is lower for highly skilled
illegal migrants rather than individuals with few or no skills. This evidence contrasts the
common findings that legal skilled migrants tend to stay longer in the destination countries,
especially due to their higher ability to assimilate in the host country.

This result has been shown theoretically and supported empirically. In a simple two-
period model illegality is modeled as a tax on skills (but without generating any tax revenue
and therefore causing skill waste) and the return-home choice is more likely for the most
skilled migrants. A probit model on the intentions to return has been estimated for a sample
of clandestine immigrants in Italy. The endowment of personal abilities affect the intentions to
return home in the predicted direction. This result is robust to four different measures of skills
(years of schooling, foreign language ability, host-country language proficiency, level of skills
on the job at home) after controlling for several individual and country-specific covariates.

Our findings point out one theoretical consideration and one policy conclusion.

First, since skilled illegal migrants are more likely to return home, this study does not
imply that illegal — vs. legal — migration is more beneficial for the origin countries (since, for
instance, it may alleviate the brain drain). On the contrary, by reversing the argument of the
recent literature on beneficial brain drain (Mountford, 1997), the skill waste associated with
the status of illegal migrant would strongly reduce the incentive for migrants to invest in their
human capital both before and during the migration spell. This would significantly decrease
human-capital formation in current emigration countries, as well as the overall flows of human

capital and knowledge brought back by migrants.
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Secondly, our paper provides indirect support to skill-selective immigration policies. Since
the Italian legal system does not show any kind of skill selection for immigrants, the conclusions
may present a strong argument in favor of skill-selective policies rather than a generic ban to
migration. Indeed, we have proved that a generic ban is not neutral and is strongly biased

against skilled migrants.

References

[1] Beine, Micheal, Docquier Frédéric and Hillel Rapoport, “Brain Drain and Economic
Growth: Theory and Evidence”, Journal of Development Economics 64 n.1 (2001): 275-

89.

[2] Bleakley, Hoyt and Aimee Chin, “Language, Skills and Earnings: Evidence from Child-

hood Immigrants”, Review of Economics and Statistics 86 n.2 (2004): 481-496.

[3] Bhagwati, Jagdish and Koichi Hamada, “The Brain Drain, International Integration of
Markets for Professionals and Unemployment: A Theoretical Analysis”, Journal of De-

velopment Economics 1 n. 1 (1974): 19-42.

[4] Borjas, George J. and Bernt Bratsberg, “Who leaves? The emigration of the foreign-

born”, Review of Economics and Statistics 78 n.1 (1996): 165-67.

[5] Borjas, George J., Bronars Stephen G. and Stephen J. Trejo, “Self-Selection and internal

migration in the United States”, Journal of Urban Economics 32 (1992): 159-185.

[6] Carrington, William J. and Enrica Detragiache, “How Big is the Brain Drain?”, IMF

Working Paper n. 98, 1998.

24



[7]

[11]

[12]

[13]

[14]

Chiswick, Barry R., “Are Immigrants Favorably Self-Selected?”, American FEconomic

Review 89 n.2 (1999): 181-185.

Chiuri, Maria Concetta, Coniglio Nicola D. and Giovanni Ferri, L’esercito degli invisibili:

aspetti economict dell’emigrazione clandestina, Bologna: 11 Mulino, 2008.

Chiuri, Maria Concetta, De Arcangelis Giuseppe, D’Uggento Angela and Giovanni Ferri,
“Illegal Immigration into Italy: Results from a Recent Field Survey”, CSEF Working

Paper n. 121, (http://www.dise.unisa.it/WP/wp121.pdf), 2004.

Chiuri, Maria Concetta and Angela D’Uggento, ”Designing a survey on illegal migration
in Italy: methodological issues and preliminary results”, Paper presented at the Annual

Meetings of the Italian Statistics Society, 2004.

Cobb-Clark, Deborah and Sherrie Kossoudji, “Coming out of the Shadows: Learning
about Legal Status and Wages from the Legalized Population”, Journal of Labour Eco-

nomics 20 n. 3 (2002): 598-628.

Coniglio, Nicola D., De Arcangelis Giuseppe and Laura Serlebga, “Clandestine Mi-
grants: Do the High-Skilled Return Home First?”, CIDEI Working Paper n. 80, 2009

(http://www.w3.uniromal.it/cidei).

De Melo, Jaime, Faini Riccardo and Klaus F. Zimmermann, Migration: The Controversies

and the Evidence, Cambridge (UK): Cambridge University Press, 1999.

Docquier, Frédéric and Abdeslam Marfouk, “International migration by educational at-
tainment (1990-2000) — Release 1.17, In C. Ozden and M. Schiff (eds.), International

Mugration, Remittances and Development, New York: McMillan and Parlgrave, 2005.

25



[15]

[16]

Dustmann, Christian, “Children and Return Migration”, Journal of Population FEco-

nomics 16 (2003a): 815-830.

— , “Return migration, wage differentials, and the optimal migration duration”, Furopean

Economic Review 47 (2003b): 353-369.

[17] — , “Return Migration, uncertainty and precautionary savings”, Journal of Development

[18]

[19]

[21]

[22]

[23]

[24]

Economics 52 (1997): 295-316

— , “Return migration: the European experience”, Economic Policy 22 (1996): 214-250.

Galor, Oded and Oded Stark, “Migrants’ savings, the probability of return migration and

migrants’ performance”, International Economic Review, 31 (1990): 463-467.

Hanson, Gordon H., “Illegal Migration from Mexico to the US”, Journal of Economic

Literature 44 n. 4 (2006): 869-924.

International Centre for Migration Policy Development, 2005 Year Book on Illegal M-

gration, Human Smuggling and Trafficking in Central and Fastern Europe, Vienna, 2006.

Jandl, Michael, “The Estimation of Illegal Migration in Europe”, Studi Emigrazione —

Migration Studies 51 (2004): 141-155.

Kossoudji, Sherrie and Cobb-Clark Deborah A., “IRCA’s Impact on the Mobility and
Occupational COncentration of Newly Legalized Men”, Journal of Population Economics

13 (2000): 81-98.

— , “Finding Good Opportunities within Unauthorized Markets”, International Migra-

tion Review 30 n.4 (1996): 901-924.

26



[25]

[26]

[27]

[28]

[29]

[30]

[31]

[34]

McCormick, Barry and Jackline Wahba, “Overseas work experience, savings and en-
trepreneurship amongst return migrants to LDCs”, The Scottish Journal of Political

Economy, 48 n.2 (2001): 164-178.

McKenzie, David and Hillel Rapoport, “Can Migration Reduce Educational Attain-
ments‘? Depressing Evidence from Mexico”, Centre for Research and Analysis of Mi-

gration (CreAM) Discussion Paper N. 01/06, 2006a.

— , “Migration and Educational Inequality in Rural Mexico”, Inter-American Develop-

ment Bank, INTAL-ITD Working Paper 23, 2006b.

Mesnard, Alice, “Temporary migration and capital market imperfections”, Ozxford Fco-

nomic Papers 56 (2004): 242-262.

Montalvo, Jose G. and Marta Reynal-Querol, “Ethnic Diversity and Economic Develop-

ment” | Journal of Development Economics 76 (2004): 293-323.

— , “Religious polarization and economic development”, Economics Letters 80 (2003):
201-210.
Mountford, Andrew, “Can a Brain Drain be Good for the Growth in the Source Econ-

omy?”, Journal of Development Economics 53 (1997): 287-303.

Munshi, Kaivan, “Networks in the Modern Economy: Mexican Migrants in the US Labor

Market”, Quarterly Journal of Economics 118 n.2 (2003): 549-599.

Orrenius, Pia and Madeline Zavodny, “Self-selection among undocumented immigrants

from Mexico”, Journal of Development Economics 78 (2005): 215-240.

OECD, “International Migration Outlook: SOPEMI 2006”7, June 2006.

27



[35] Passel, Jeffrey, “Estimates of the Size and Characteristics of the Un-
documented Population”, Pew Hispanic Center, Report 21 March 2005

(http://pewhispanic.org/reports/report.php?ReportID=44).

[36] Reagan, Patricia B. and Randall J. Olsen, “You Can Go Home Again: Evidence from

Longitudinal Data”, Demography 37 n.3 (2000): 339-350.

[37] Rivera-Batiz, Francisco L., “Undocumented workers in the labor market: An analysis of
the earnings of legal and illegal Mexican immigrants in the United States”, Journal of

Population Economics 12 (1999): 91-116.

[38] Stark, Oded, The Migration of Labor, Oxford: Blackwell, 1992.

[39] Stark, Oded, Helmenstein Christian and Alexia Prskawetz, “Human capital depletion,
human capital formation, and migration: a blessing or a ‘curse’?”, Economic Letters 60

(1998): 363-367.

[40] — , “A Brain Gain with a Brain Drain”, Economic Letters 55 (1997): 227-234.

[41] Venturini, Alessandra, Post-War Migration in South European Countries, Cambridge:

Cambridge University Press, 2003.

[42] World Bank, Global Economic Prospects 2006: Economic Implications of Remittances

and Migration, Washington DC, 2006.

[43] Zhao, Yaohui, “Causes and Consequences of Return Migration: Recent Evidence from

China”, Journal of Comparative Economics 30 (2002): 376-394.

[44] Zimmermann, Klaus F., “Tackling the European Immigration Problem”, Journal of Eco-
nomic Perspectives 9 (1995): 45-62.

28



Notes

'In this paper we will interchangeably use the terms “undocumented”, “illegal” and “irregular”.

2Kossoudji and Cobb-Clark (1996) and Cobb-Clark and Kossoudji (2000) document the presence of less
opportunity for job advancement and the existence of a wage gap between legal and illegal migrants in the US.

3See OECD (2006) for one of the first attempts to harmonize international migration statistics. See also
Docquier and Marfouk (2005) for a reconstructed international dataset on migration and educational attain-
ment.

4The survey is downloadable at the web site http://pewhispanic.org/datasets/.

Bleakley and Chin (2004) show the positive relationship between knowledge of the host-country language
and the level of wages.

SFor simplicity we are not modelling the choice to leave the origin country and assume instead that the
migrant has already arrived illegally in the country of destination. We recall that Orrenius and Zavodny (2005)
instead deal with the issue of whether to leave the origin country or not and reside illegally at destination, but
within a different theoretical framework.

"Even if 7 = 0 is implausible since the brightest and more skilled migrants are more likely to obtain the
best opportunities, skills and formal qualification are of little use to an illegal migrant. There is anecdotical
evidence that very often migrants employed illegally in highly unskilled and manual jobs — such as agricultural
workers in developed countries — are actually highly skilled and educated individuals. Indirect evidence of the
skill-waste effect is provided by a series of studies on migrants’ performance after their legalization through
amnesties in the United States (such as IRCA). See Rivera-Batiz (1999), Cobb-Clark and Kossoudji (2000 and
2002).

8For simplicity and without loss of generality we assume that v does not depend upon skills. While this is
probably true for Italy, we acknowledge that in host countries which have selective immigration policies, the
probability of obtaining legal status might positively depend upon skills. A version of the present framework
taking this aspect into consideration is available from the authors upon request. Intuitively, the effect of such
an extension is straightforward (a reduction in the range of the parameters for which return is more likely
for highly skilled illegal immigrants relative to the low-skilled ones) and does not affect the main insights

presented.
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9See, for instance, a study on the occupational choice of return migrants in Egypt by McCormick and
Whaba (2001) who find that both the spells of periods overseas and overseas savings significantly increase the
probability of starting an entrepreneurial project for more literate migrants. Moreover, a recent report by the
World Bank (2006) includes a thorough study of the effects of remittances on development that highlights the
importance of entrepreneurial activities financed by remittances.

10See the Appendix in Coniglio, De Arcangelis and Serlenga (2009) for a generalization of the model with
two different rates of return.

1 Conditions for this to occur involve a sufficiently high wage gap and a lower bound for the skill level that
depends on the values of 7, 7 and R. Such conditions are available from the authors upon requests.

12Conditions on the existence of a* involve again a sufficiently high wage gap. Such conditions are available
from the authors upon requests.

13See Coniglio, De Arcangelis and Serlenga (2009).

M \More broadly these factors might also proxy for the psychic cost of migration and may be modeled as a
fixed disutility flow for each period the migrant is far away from the family.

1511 terms of the model, they may be related once more to the “normal” wage in the country of origin w?,

although the two variables will prove to have a different effect.

6Henceforth, “significant” means “significant at the 5% probability level” unless differently specified.
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